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Qlik’s Data Integration Platform
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Qlik’'s Data Analytics Platform
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Data Literacy as a Service
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QDI - Platform Supportability Matrix G ouow Avtomation

= Oracle = DB2 z/0S = ECC = RDS (MySQL, Postgres, = DBaaS (sQL DB) © = Cloud SQL (MySQL, Postgres)
= SQL Server = IMS/DB = ERP MariaDB, Oracle, SQL Server) = DBaaS (MySQL, Postgres) = Cloud Storage (%
« DB2 iSeries « VSAM « CRM » Aurora (MySQL, Postgres) « ADLS Genl &2 & = Dataproc (2
. DB2 2/0S - COBOL Copybooks « SRM - S3 ¢  .BLOB « Pub/Sub (20)
- DB2 LUW . GTS SIS ¢ . HDInsight & - BigQuery ¢ 20) 2
= MySQL « MDG . Klne5|§ « Event Hub » Snowflake (‘20) (4
« PostrgeSQL « SAP ECC - HANA - Redshift ¢ . Synapse (SQL DW) I
= Sybase ASE é = SAP HANA (database) HD
= Informix Cloud - Snowﬂéke ¢~ = Snowflake (c4
« SAP HANA o -+ (on Oracle, SQL, DB2 LUW, = Databricks (Q2) ¢ . Databricks (2 Database
HANA)
= ODBC = Amazon RDS
(SQL Server, Oracle, = Oracle (4
MySQL, Postgres) @ « SQL Server &
@ = Amazon Aurora (MySQL) « DB2 LUW
= Amazon Redshift SaaS Data Lake « MySQL
= Azure SQL Server MI « PostareSOL
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Vert . Flat Files - Azure HDInsight & = SybaseIQ
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= Pivota « XML = Microsoft PDW
= JSON —~—— Flat Files
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QDI - Cloud Partner Alignment
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Qlik Replicate
Zero Footprint Architecture x
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RDBMSg File Channel a RDBMS E
- CDC Incremental| =
= Data —_— o — Data
Warehouse ? {b == Warehouse
EIEIE ﬁ Filter Transform ﬁ %
— by Batc Batch -
Mainframe M Kafka
Files < J Files
) /{ X \ J
N
5Ii50S(64bit) e ~ o On
Linux Red Hat 6.2 and above HERH/WANRY & Premises

SUSE Linux 11 and above
Windows Server 2008
Windows Server 2012
Windows 7

Persistent Store

O CPU : Quad core ~8core T

O Memory : 8GB~64GB T
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